/ 6 Bodhi International Journal of
& Research in Humanities, Arts and Science

Vol. 10 Special Issue 3 January 2026
E-ISSN: 2456-5571

Impact of Al in Recruitment Efficiency in

Software Industries

M. Nageswari' & B.Pradeepa’

1&2 gssistant Professor of Business Administration, Sri Kaliswari College (4), Sivakasi

{ ;g Crossref @
Open Access

Manuscript ID:
BIJ-SPL3-JAN26-MD-070

Subject: Business Administration

Received : 01.09.2025
Accepted  : 13.01.2026
Published : 31.01.2026

DOI: 10.64938/bijsi.v10si3.26.Jan070

Copy Right:

This work is licensed under
a Creative Commons Attribution-
ShareAlike 4.0 International License.

Abstract

Effective hiring practices are crucial to maintaining competitiveness in the talent-
driven software industry. Artificial intelligence (A1) tools like as natural language
processing (NLP) can increase candidate engagement, increase candidate-role
matching, and automate processes. Predictive analytics, machine learning, and
natural language processing (NLP) are radically altering the recruiting process.
This conceptual paper explores how Al increases recruitment efficiency in the
software industries by combining previous research, developing a conceptual
framework, and offering examples from leading software companies including
Microsoft, IBM, TCS, and Infosys. The article outlines the benefits and challenges of
using Al in hiring and offers some suggestions for additional empirical research.
Keywords: artificial intelligence, recruitment efficiency, software industry,
human resource management, predictive analytics, automation

Introduction

The software industry faces intense competition for

top talent, driven by

advancements and globalized markets. Positions such
as cloud engineers, Al specialists, and cyber security
analysts are in high demand, but the supply of skilled

professionals remains

recruitment methods—manual resume

multiple  interview

rapid

limited.

rounds,

companies can automate resume parsing, conduct
skill-based
success, thereby improving hiring speed, quality, and
paper aims
link between Al
recruitment efficiency in the software industry,

assessments, and predict candidate
technological
consistency. This to explore the

conceptual capabilities and

Traditional  supported by theoretical foundations and real-world
screening,  company practices.

and fragmented
Review of Literature

communication—often result in long hiring cycles
and high costs. Artificial Intelligence (Al) offers new
possibilities to streamline and enhance recruitment
efficiency. By integrating Al-powered tools into
(ATS), software

Applicant Tracking Systems
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Davenport & Ronanki (2018) describe Al as a
driver of process efficiency by automating repetitive
HR tasks. Upadhyay & Khandelwal (2018) found
that Al-enabled recruitment can reduce time-to-hire
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by up to 40% through automated resume screening
and scheduling.
According to Bersin (2022), ML algorithms

analyze candidate profiles and job requirements to
improve match quality, minimizing mismatches and
turnover.

Chamorro-Premuzic et al. (2016) highlight
predictive models that assess a candidate’s likelihood
of success and retention.

Mehta et al. (2020) report Al chatbots enhance
communication and responsiveness, creating a better
candidate experience.

Barocas et al. (2019) caution about potential
bias, lack of transparency, and privacy violations in
Al systems.

Theoretical Framework

e Resource-Based View (RBV): Al-enabled
recruitment tools act as valuable, rare,
inimitable, and non-substitutable  (VRIN)
resources that can provide a competitive
advantage.

e Sociotechnical Systems Theory: Successful Al
recruitment depends on the alignment of
technical systems (Al algorithms, ATS) and
social systems (recruiters, hiring managers).

e Information Processing Theory: Al increases
organizational capacity to process large
candidate pools quickly, reducing decision-
making delays.

Conceptual Framework

Al Capabilities

Resume Parsing (NLP)

Skill Inference & Matching (ML)

Predictive Scoring of Candidate Fit

Workflow Automation (RPA)

Conversational Chatbots for Candidate Queries
Automated Assessments (coding tests, scenario-
based tasks)

7. Recruitment Analytics & Forecasting
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Mediating Mechanisms

e Process Automation — reduces time and cost.

e  Matching Accuracy — increases quality-of-hire.
e Candidate Experience — reduces drop-off rates.
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Outcomes:

e Time-to-Hire |

o  Cost-per-Hire |

e  Recruiter Productivity 1
e (Candidate Quality 1

e  Offer Acceptance Rate 1

Contextual Moderators

¢ Role Type (specialist vs. generalist)
e Hiring Volume (mass vs. niche)

e Data Quality & Coverage

e Organizational Al Maturity

e Compliance & Ethical Standards

Impact of AI in Recruitment Efficiency in
Software Industries

Company Al Tool Impact
Accelerated
Al Talent internal mobility
Infosys
Marketplace and reduced
external hiring
needs
TCS Al-driven Halved candidate
Assessments screening time
Watson Improved job-
IBM . .
Recruitment candidate match
accuracy
: Talent Optimized
Microsoft . .
Intelligence sourcing and
Platform targeting strategies
Reduced candidat
Wipro Al Chatbots edueec candidate
drop-off rates by
20%
Findings
1. Al speeds up application processing and reduces
hiring time.
2. Al improves candidate-job matching for

technical roles.

3. Chatbots give quick
candidates engaged.

4. Analytics help forecast needs and select the best
candidates.

responses and keep
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5. Al can reflect past hiring biases if not
monitored.

5. Mehta, S., et al. (2020). AI in Recruitment.
Strategic HR Review.

Al handles data, but humans assess cultural fit
and soft skills.

Recommendations

1.

Integrate Al with human decision-making.

Al-Integrated Recruitment Process Flow

Job Requisition & Posting
2. Conduct regular bias and fairness audits of Al analyzes historical hiring
) data to recommend job keeywords
algorithms. I
3. Use skill-based and  competency-driven candidate Soirdlig
Al-driven sourcing from Linkedfin,
assessments. . . . GitHub, Stack Overfiow and job
4. Ensure compliance with data protection laws. T
5. Train HR teams in Al tOOIS and analytiCS. Resume Screening (NLP & ML)
Automated parsing, skill extraction,
and ranking of candidates
Conclusion

Al is reshaping recruitment efficiency in software

industries, enabling faster and more precise hiring

while improving candidate experiences. A hybrid

human-AI model will ensure sustainable, ethical, and

effective talent acquisition.
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